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Abstract. ChatGPT has shown promising results for Machine Transla-
tion (MT). However, whether it is comparable to standard translation
models and performs well in some specific domain remains as an open
question. In this paper, we conduct human evaluations on its translation
performance in three domains using the Direct Assessment (DA) method.
The evaluation result shows that ChatGPT as a whole achieves compa-
rable performance with standard translation models, especially in the
general domain. However, ChatGPT’s performance is inferior in terms of
translating domain-specific terminologies, and it appears to be informal
when it comes to the Information and Communications Technology (ICT)
and biomedical domains, where the text style is distinctively different
from that in the general domain.
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1 Introduction

Recently, the emergence of ChatGPT has brought remarkable influence on Natural
Language Processing (NLP) tasks. ChatGPT is an intelligent chatbot developed
by OpenAI. It has shown promising results for Machine Translation (MT) and is
becoming a new paradigm for translation [3, 2, 7].

To the best of our knowledge, the evaluations of ChatGPT translation quality
in these studies [3, 2, 7] are all made based on commonly used automatic evalu-
ation metrics (BLEU [6], COMET [8]), rather than human evaluation. We are
particularly interested in human evaluation for ChatGPT translation results,
especially the human evaluation gap with commercial translation systems in
different domains.

In this paper, we conduct human Direct Assessment (DA) [1] on ChatGPT’s
translations and those of two other translation systems (Google Translate and
Huawei Translate) in three domains, including one general domain (WMT22
General MT Task) and two specific domains (WMT22 biomedical and Information
and Communications Technology (ICT) domains). The DA scoring criteria in
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Table 1. DA scoring criteria.

Score Criteria
0–20 All semantics of the translation are unclear or completely wrong, only a small

number of words and phrases are correct, and the readability is extremely poor,
making it difficult to understand.

21–40 Very few semantics of the translation are correct, key information is missing or
wrong, the readability is poor, and a lot of unidiomatic and disfluent expressions
and grammatical errors exist.

41–60 Some key semantics of the translation are correct, but a large number of
non-key semantics are wrong and the fluency and idiomaticity are poor.

61–80 Most key semantics of the translation are correct, but some non-key information
is wrong and major grammatical errors and unidiomatic expressions exist.

81–100 All semantics of the translation are correct, only a little non-key information
is wrong, minor grammatical errors exist, and the fluency and idiomaticity are
good.

use are developed mainly based on translation accuracy and fluency dimensions
specified by China Conference on Machine Translation (CCMT).

2 Evaluation Settings

2.1 Models

We mainly compare the translation results of ChatGPT with Google Translate1

and Huawei Translate (which is a proprietary engine based on transformer).
The results in this paper come from the gpt-3.5-turbo models, which power
ChatGPT. And the translation prompt is “Please translate the following sentence
into Chinese: <sentence>”.

2.2 Data

We construct three English-Chinese (en-zh) datasets from one general domain
and two specific domains (biomedical and ICT), and choose 200 parallel sentences
randomly sampled from the WMT22 General MT Task [4], WMT22 Biomedical
MT Task [5], and ICT translation task, respectively.

2.3 Metrics

In this paper, we utilize DA metrics [1] to evaluate ChatGPT and the two
translation systems on the three datasets. DA is a commonly used human
evaluation method for translation, which involves collecting human assessments
of translation quality for single MT systems. It requires highly trained and
experienced assessors in the domains concerned. Assessors are provided with a
1 https://translate.google.com
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Table 2. DA, BLEU and COMET scores for the three systems (Huawei, Google, and
ChatGPT) in the general, biomedical and ICT domains.

System DA BLEU COMET
General

Huawei 73.03 48.49 85.3
Google 77.86 49.60 86.7
ChatGPT 77.61 40.64 86.9

Biomedical
Huawei 77.90 45.71 86.0
Google 80.24 49.25 86.7
ChatGPT 75.39 39.56 85.9

ICT
Huawei 93.03 32.83 82.4
Google 92.49 33.49 81.9
ChatGPT 84.21 28.12 81.0

candidate translation and a corresponding translation hint (e.g. the source text,
a reference translation, or multimodal content) and are asked to assign a quality
score from 0 to 100. Our scoring criteria for DA are shown in Table 1. Following
the DA criteria, 7 assessors with more than 10 years of translation experience
score the 600 sentences separately based on source texts and references. For each
sentence, we have at least 3 assessors score it and take the average score as its
DA score. In addition, two commonly used automatic metrics BLEU [6] and
COMET (wmt22-COMET-da) [8] are used for reference.

3 Evaluation Results

3.1 DA Scores

As shown in Table 2, the DA score for ChatGPT is 77.61 in the general domain,
75.39 in the biomedical domain, and 84.21 in the ICT domain. In the general
domain, ChatGPT’s DA score is just 0.25 points (77.86− 77.61) lower than that
of the best performer, Google Translate. However, in the ICT domain, its DA
score is much lower than those of the other two (more than 5 points lower). The
DA results are basically consistent with the BLEU and COMET results. The
reason for the inferior performance of ChatGPT in translating domain-specific
terminologies is that ChatGPT is trained using publicly available data and is
seldom trained in domain-specific terminologies.

As a whole, ChatGPT achieves competitive performance compared with
Google Translate and Huawei Translate, although it is not the best among the
three systems in any domains covered in this paper. The result aligns with recent
research in [7] and [2].
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Table 3. A case of idiom translation, where only ChatGPT correctly translates the
real meaning of "pull his shit on".

SRC This is letting Uri Geller try and pull his shit on James Randi.
REF 这是让尤里·盖勒在詹姆斯·兰迪身上耍花招。
ChatGPT 这是让Uri Geller在詹姆斯·兰迪身上耍花招*。

Google 这是让Uri Geller 试图对James Randi 拉屎*。

Huawei 这让Uri Geller尝试把他的屎拉到*James Randi身上。
* 耍花招 indicates playing tricks; 拉屎 literally means pooping; 把他的屎拉到 indicates

putting one’s poop onto.

Table 4. A case of ICT terminology translation, where only Huawei Translate correctly
translates the terminology "BIER header".

SRC Multicast packet forwarding in a BIER domain is based on the
BitString field in the BIER header.

REF BIER域中的组播数据包基于BIER报文头中的BitString字段转发.
ChatGPT BIER域中的组播数据包转发基于BIER标头*中的BitString字段。
Google BIER域中的组播数据包转发基于BIER标头*中的BitString字段。
Huawei BIER域中的组播报文转发基于BIER报文头*中的BitString字段。

* BIER报文头 means a BIER header, and BIER 标头 means a BIER label header.

3.2 Case Analysis

As shown in Table 2, in the general domain, the DA score for ChatGPT is very
close to that for Google Translate and much higher than that for Huawei Translate.
And its COMET score is the highest. This means that ChatGPT performs very
well in translation tasks for the general domain. However, ChatGPT gets the
lowest BLEU score in this domain. One of the reasons is that BLEU does not
reflect the semantic accuracy, and a correctly translated sentence may still receive
a low score.

Merits of ChatGPT: A distinctive feature of ChatGPT is that it can
produce fluent and natural results on colloquial and informal text. Translationese
describes awkwardness in text generated during translation that distinguishes
translated text from original ones. ChatGPT suffers the least from translationese
among the three evaluated models because it is built on the language training
model. For instance, overly literal translation of idioms is one type of transla-
tionese. ChatGPT manages to translate beyond literal words and present the
real meaning. An example is shown in Table 3, where only ChatGPT correctly
translates the idiom "pull his shit on".

Weakness of ChatGPT: While we credit ChatGPT with fluent outputs on
colloquial text, its results appear to be informal when it comes to the ICT and
biomedical domains, where the text style is distinctively different from that of the
general domain. In addition, ChatGPT’s performance is inferior to the other two
systems in the two domains that involve a lot of domain-specific terminologies. In
particular, ChatGPT is sometimes unable to identify the implications of words and
as a result produces sentences with poor logic. In comparison, Huawei Translate
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is adapted to the ICT domain so it has the greatest terminology accuracy in this
domain. As shown in Table 4, "BIER header" should be translated into "BIER报
文头" instead of "BIER标头". The result implies that domain adaptation might
be the key enabler for standard MT models to compete with foundation models.

4 Conclusion

Regarding English→Chinese translation, ChatGPT as a whole achieves compa-
rable performance with standard MT models, especially in the general domain,
where the source text is colloquial and does not involve many terminologies. In
this domain, ChatGPT can produce fluent and natural results and suffers the
least from translationese among the three evaluated models. However, in the
biomedical and ICT domains, where a large number of domain-specific termi-
nologies are involved, ChatGPT is incompetent to translate the terminologies in
many cases. It is worth researching on whether ChatGPT’s performance can be
further improved when external knowledge is input into it. Currently, directly
using ChatGPT for domain-specific translation is not recommended.
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